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Introduction and Institutional Mandate 

The Canadian Muslim Lawyers Association (CMLA) respectfully submits this brief in 

response to the International Civil Liberties Monitoring Group’s request for submissions 

in connection with the People’s Consultation on AI.  

Founded in 1998, CMLA is a national organization of legal professionals committed to the 

rule of law, equality before the law, and the protection of human rights and human dignity. 

While CMLA advocates for Canadian Muslims and Muslims in Canada, its work has 

consistently recognized that government action can disproportionately affect a broad 

range of racialized and marginalized communities, not a single group in isolation. 

CMLA has appeared as a public interest intervenor before the Supreme Court of Canada 

and other courts, testified before Parliamentary committees, and contributed to national 

discourse on immigration, policing, national security, border governance, and a wide 

variety of other areas.  

This submission focuses on the potential disproportionate impacts of the use of AI in 

public governance on Muslim, racialized, and marginalized communities. 

 
The Context 
There is an increasing focus on incorporating artificial intelligence (AI) systems into public 

governance, including decisions in fields as varied as policing, immigration, employment, 

social services, taxation, and online information spaces. Although AI technology is 

sometimes presented as a neutral tool whose main purpose is to improve efficiency and 

drive innovation, AI systems in practice reflect the data, institutional priorities, and 

underlying social inequalities and biases of the institutions in which they are designed 

and operated.  

 

Canada’s national AI strategy and related policy efforts are moving forward with limited 

meaningful public consultation. Communities most affected by automated decision-

making, including racialized and religious minority groups, have had few opportunities to 

influence how these technologies are governed, raising significant concerns about civil 

liberties, democratic accountability, and equality rights.  



 

 

 

As discussed below, evidence from several jurisdictions indicates that poorly regulated 

AI systems can replicate structural discrimination, expand state surveillance, and 

reinforce existing patterns of social exclusion. These risks are especially pronounced for 

marginalized groups, including Muslim communities, which have historically faced 

heightened scrutiny in areas such as national security, border enforcement, and digital 

monitoring. 

 

Effective AI governance must extend beyond technical performance or innovation 

objectives. Governance frameworks must account for the social contexts in which these 

technologies operate and ensure that the rights and lived experiences of affected 

communities play a central role in policy design, oversight, and accountability. 

 

AI Systems and Structural Inequality 
AI systems are often described as neutral decision-making tools. However, machine 

learning systems are often trained on historical data that contain and run the serious risk 

of perpetuating existing biases and social inequalities. When datasets contain patterns 

shaped by discrimination, this can reproduce and replicate inequalities through 

automated decision-making.  

 

Research has shown that structural inequality within AI systems is widely referred to as 

algorithmic bias or algorithmic discrimination. One of the most common examples of 

algorithmic discrimination occurs when an automated decision-making process relies on 

biased agents or data sources; for example, a hiring algorithm trained on past 

employment data may learn to disadvantage women or minorities if those groups were 

historically underrepresented or underpromoted. Algorithms can also produce 

discrimination when they rely on proxy variables correlated with protected traits, such as 

when a credit-risk model uses ZIP codes that correlate with race, leading to biased 

outcomes even though race is not explicitly used.1 

 
1 Wang X, Wu YC, Ji X and Fu H (2024) Algorithmic discrimination: examining its types and regulatory 
measures with emphasis on US legal practices. Front. Artif. Intell. 7:1320277. Doi: 10.3389/frai.2024.1320277. 

https://www.frontiersin.org/journals/artificial-intelligence/articles/10.3389/frai.2024.1320277/full
https://www.frontiersin.org/journals/artificial-intelligence/articles/10.3389/frai.2024.1320277/full


 

 

 

These risks are especially concerning when AI tools are used in public sector decisions 

in areas such as policing, immigration enforcement, social service eligibility, tax 

enforcement, and national security. Automated systems can influence who is monitored, 

investigated, or denied essential services. For example, commentators have warned that 

segregation--defined as the systemic spatial separation and social exclusion of groups, 

can shape place-based predictive policing because data that correlate with racial 

demographics, such as higher recorded crime rates resulting from heavier policing in 

marginalized minority neighbourhoods, may be used as inputs in predictive algorithms 

and lead to further disproportionate targeting of those communities.2 

 

Supporters of predictive policing algorithms suggest that they are used to predict and 

prevent future crime. However, they have also been the subject of considerable 

controversy. For instance, a 2016 study found that an AI predictive policing system 

directed police patrols toward communities that were already heavily policed. A later study 

in 2018 estimated that if the model were applied in Indianapolis, Latino neighbourhoods 

would face 200–400% greater patrol presence and Black neighbourhoods 150–250% 

greater patrol presence than white neighbourhoods, a pattern reflected in many similar 

predictive policing systems.3 

 

These findings support the view that algorithmic systems should not be evaluated solely 

as technical tools but as social systems embedded within existing power structures. 

Without deliberate safeguards, transparency, and oversight, automated decision-making 

can scale structural inequalities rather than mitigate them.4 

 
2  National Academies of Sciences, Engineering, and Medicine. 2024. Law Enforcement Use of Predictive 
Policing Approaches: Proceedings of a Workshop—in Brief. Washington, DC: The National Academies Press. 
https://doi.org/10.17226/608. 
3 Algorithms in Policing: An Investigative Packet, Yale Law School, citing Kristian Lum & William Isaac, To Predict 
and Serve?” Significance 13, no. 5 (2016): 14–19, https://doi.org/10.1111/j.1740-9713.2016.00960.x; and G. Mohler 
et al., A Penalized Likelihood Method for Balancing Accuracy and Fairness in Predictive Policing,” 2018 IEEE 
International Conference on Systems, Man, and Cybernetics (SMC) (2018): 2454–2459, 
https://doi.org/10.1109/SMC.2018.00421. 
4  Zajko M (2022) Artificial intelligence, algorithms, and social inequality: Sociological contributions to 
contemporary debates. Sociology Compass. Doi:  https://doi.org/10.1111/soc4.12962. 

https://www.nationalacademies.org/read/28037/chapter/1
https://www.nationalacademies.org/read/28037/chapter/1
https://law.yale.edu/sites/default/files/area/center/mfia/document/infopack.pdf
https://compass.onlinelibrary.wiley.com/doi/10.1111/soc4.12962
https://compass.onlinelibrary.wiley.com/doi/10.1111/soc4.12962
https://doi.org/10.1111/soc4.12962


 

 

 

Potential for Disproportionate Impact on Muslim Communities 
Concerns about algorithmic bias and automated surveillance are particularly significant 

for Muslim communities due to the historical relationship between national security policy, 

counter-terrorism surveillance, and religious profiling.5 Research has shown that there is 

persistent anti-Muslim bias found in large language models. For example, a major peer-

reviewed study found that OpenAI’s GPT-3 model associated the term “Muslim” with 

“terrorist” in 23% of test cases, a rate substantially higher than for other religions. The 

bias remained present in later OpenAI models even after attempts to reduce or correct 

it.6 

 

Research on Canadian security practices has found that counter-terrorism investigations 

and intelligence activities have disproportionately focused on Muslim communities, 

including surveillance of mosques, community organizations, and social networks. Such 

surveillance has been linked to concerns about impacts on religious practice, political 

participation, social media use, and freedom of expression, while also weakening trust 

within communities and raising broader questions about the ability of Canadian Muslims 

to exercise rights and participate as free and equal citizens.7 

 

As governments expand the use of data analytics and AI in security, law enforcement, 

and immigration, concerns have rightly been raised that automated technologies would 

replicate patterns found in earlier surveillance practices. Scholars studying automated 

decision-making in Canada’s immigration and refugee processes have warned that 

algorithmic tools designed to flag “risk indicators” in visa or immigration applications may 

reduce transparency and make discriminatory outcomes harder to identify or challenge. 

Immigration, Refugees and Citizenship Canada (IRCC) has increasingly automated parts 

of its services in response to rising numbers of temporary resident applications, including 

 
5 Chriet H (2025) AI and Islamophobia: The algorithmic gaze on Muslim communities. 
6  Abubakar, A & Farooqi, M & Zou, J (2021). Persistent Anti-Muslim Bias in Large Language Models. 
10.48550/arXiv.2101.05783.  
7 Nagra, B., & Maurutto, P. (2023). Anti-Muslim Surveillance: Canadian Muslims Experiences with CSIS. Sociology 
of Race and Ethnicity, 9(3), 311-325. 

https://www.newarab.com/analysis/ai-and-islamophobia-algorithmic-gaze-muslim-communities
https://www.researchgate.net/publication/348486988_Persistent_Anti-Muslim_Bias_in_Large_Language_Models
https://journals.sagepub.com/doi/10.1177/23326492231151587


 

 

study permits, work permits, and temporary resident visas (TRVs). Tools such as Chinook 

and Advanced Data Analytics (ADA) are used as automated decision systems to support 

or replace administrative personnel, streamline decision-making processes, improve 

efficiency, and reduce application processing times.8  

 

The growing use of AI in Canadian immigration has raised important concerns. Critics 

argue that algorithmic systems and machine learning models may reproduce existing 

biases if they are trained on historical data that reflects discriminatory patterns. Even 

when bias is unintentional, automated tools may continue to generate outcomes shaped 

by underlying data. IRCC maintains that applications flagged by automated systems are 

ultimately reviewed by a human officer; however, some observers note that such systems 

may still influence decision-making if officers assume the algorithm identified legitimate 

concerns. 9  The use of AI-based facial recognition technology within the Canadian 

immigration system has prompted some scholars to raise valid alarm that it “might repli-

cate or exacerbate systemic racial inequities and injustices of the past.”10 

 

Questions have also been raised about transparency and accountability. In many cases, 

individuals have limited ability to understand how automated systems reach decisions or 

to effectively challenge those outcomes. For example, the use of the Chinook processing 

system has prompted criticism that insufficient public information exists about how the 

technology functions.11 

 

The United States provides a clear example of how algorithmic systems can be used in 

immigration decision-making in ways that raise discrimination concerns. In 2017, 

Immigration and Customs Enforcement (ICE) announced plans for an “Extreme Vetting 

Initiative” designed to predict the potential criminality of individuals seeking entry into the 

country. The program aimed to automate and centralize parts of the immigration 

 
8 Karas, S., & Goel, R (2023). Artificial intelligence and Canada’s immigration system. International Bar Association. 
9 Ibid. 
10 Christian, G., (2024). The New Jim Crow: Unmasking Racial Bias in AI Facial Recognition Technology within 
the Canadian Immigration System. McGill Law Journal, 69(4), pp.441-466. on page 443. 
11 Côté-Boucher, K. and Paquet, M., (2026). Unstable controversy: Illegibility and the automation of Canadian visa 
decisions. Security Dialogue on page 3. 

https://www.ibanet.org/artificial-intelligence-immigration%23:~:text=Artificial%252520intelligence%252520and%252520Canada%2525E2%252580%252599s%252520immigration%252520system


 

 

screening process by using software to estimate whether an applicant would be a 

“positively contributing member of society,” serve national interests, or potentially commit 

criminal or terrorist acts after arrival. These criteria reflected language drawn from the 

Trump administration’s January 2017 executive order restricting travel from several 

predominantly Muslim countries. The initiative proposed to analyze large amounts of data 

drawn from government and law enforcement databases, as well as publicly available 

online information such as social media, with the goal of continuously assessing 

individuals while they were in the United States.12 

 

Reports have also raised concerns about religious profiling in Canadian border 

enforcement. In 2017, the RCMP faced criticism for engaging in potentially 

unconstitutional data collection from more than 5,000 asylum seekers crossing near the 

unofficial Roxham Road border between the United States and Quebec. The RCMP used 

questionnaires that asked about religion, social values, and political beliefs, including 

views on women who do not wear a hijab, opinions on ISIS and the Taliban, and the 

frequency of prayer. Observers noted that these questions appeared directed primarily at 

Muslim migrants, raising concerns about religious profiling. According to an RCMP 

spokesperson, the responses were entered into an RCMP database that could be shared 

with the Canada Border Services Agency (CBSA) and other security partners. Although 

the RCMP stated that the questionnaire was discontinued following a Toronto Star 

investigation in October 2017 and that the files were later redacted, concerns remain 

regarding the collection, storage, and potential sharing of the data, as well as the broader 

risk that information incorporated into security or technological systems may reflect 

implicit or explicit biases, including Islamophobic stereotypes.13 

 

As governments rely more heavily on data-driven governance, these earlier patterns of 

discrimination and inequity raise important questions about how AI systems may interact 

with existing security and immigration infrastructures. Automated risk-assessment tools 

 
12 Molnar, P. & Gill, Lex (2018). Bots at the Gate: A Human Rights Analysis of Automated Decision-Making in 
Canada’s Immigration and Refugee System. 
13 Ibid. 

https://citizenlab.ca/wp-content/uploads/2018/09/IHRP-Automated-Systems-Report-Web-V2.pdf
https://citizenlab.ca/wp-content/uploads/2018/09/IHRP-Automated-Systems-Report-Web-V2.pdf


 

 

often depend on datasets produced through past enforcement practices, and when those 

datasets reflect disproportionate monitoring of certain communities, including Muslim 

communities, algorithmic systems may replicate those patterns on a larger scale. 

Managing these risks requires governance frameworks that prioritize transparency, 

accountability, and the protection of civil liberties in AI policy. 

 

Policy Recommendations: 
While the use and embedding of AI systems in the fulfilment of public duties is concerning, 

given the many unknowns in this fast-moving landscape, to prevent AI systems from 

reinforcing existing patterns of discrimination, Canadian AI governance frameworks must 

be strengthened and should include safeguards that address the added risks faced by 

marginalized communities. 

 

1. Require mandatory equity and human rights impact assessments for public 
sector AI systems: 

Public sector AI systems should be subject to mandatory equity and human rights impact 

assessments prior to deployment, including specific evaluation of potential effects on 

communities that have historically experienced surveillance or profiling. Canada’s 

existing Algorithmic Impact Assessment under the Treasury Board’s Directive on 

Automated Decision-Making offers an initial framework, but critics argue that it does not 

sufficiently address risks of structural discrimination.14 
 

2. Increase transparency in AI systems used in immigration, policing, and national 
security: 

Enhanced transparency is especially important in high-risk contexts where automated 

decision-making may impact communities that have historically faced surveillance or 

profiling. Individuals should be able to access clear information about when algorithmic 

 
14 Government of Canada, Directive on Automated Decision-Making, Treasury Board of Canada Secretariat; Teresa 
Scassa, Administrative Law and the Governance of Automated Decision-Making: A Critical Look at Canada's 
Directive on Automated Decision Making (2020) 54 UBC L Rev 251. 

https://www.tbs-sct.canada.ca/pol/doc-eng.aspx?id=32592
https://www.canlii.org/en/commentary/doc/2021CanLIIDocs13873%23!fragment/zoupio-_Tocpdf_bk_0_1/BQCwhgziBcwMYgK4DsDWszIQewE4BUBTADwBdoAvbRABwEtsBaAfX2zhoBMAzZgI1TMADMwCMASgA0ybKUIQAiokK4AntADkGyREJhcCJSvVadegyADKeUgCF1AJQCiAGScA1AIIA5AMJPJUjA+aFJ2cXEgA
https://www.canlii.org/en/commentary/doc/2021CanLIIDocs13873%23!fragment/zoupio-_Tocpdf_bk_0_1/BQCwhgziBcwMYgK4DsDWszIQewE4BUBTADwBdoAvbRABwEtsBaAfX2zhoBMAzZgI1TMADMwCMASgA0ybKUIQAiokK4AntADkGyREJhcCJSvVadegyADKeUgCF1AJQCiAGScA1AIIA5AMJPJUjA+aFJ2cXEgA


 

 

systems are used in processes such as immigration screening, risk assessments, or 

border enforcement decisions.15 

 

3. Ensure meaningful avenues to challenge automated decisions: 
Individuals impacted by automated decision-making should be entitled to explanations of 

how decisions are reached, access to review by a human decision-maker, and meaningful 

avenues to challenge outcomes based on algorithmic assessments. These protections 

are important for safeguarding procedural fairness and equality rights within automated 

governance systems.16 
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Canadian Muslim Lawyers Association, Board Chair 

 
15 Supra 10. 
16 UNESCO, Recommendation on the Ethics of Artificial Intelligence (2022). 

https://unesdoc.unesco.org/ark:/48223/pf0000381137

